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Abstract
This paper presents a systematic review of marketing research on the burgeoning new area of “marketing analytics” and 
considers the importance of marketing analytics for marketing research and practice. This article contributes to the marketing 
literature with a systematic review of studies and findings on marketing analytics, which allow for further recommendations. 
We identify the central themes and concepts related to marketing analytics present in marketing research and provide a 
comparison between the focus of marketing research, practice, and academics regarding this topic. The study also provides 
practitioners with a summary of the current findings and a more natural way to translate and apply theoretical findings in 
practice. Academics can also use these results in the classroom to promote and demonstrate the importance and benefits of 
marketing analytics.
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Introduction

Marketing researchers have noted that marketing science and 
practice are going through an analytics disruption, consider-
ing the explosion of data, the emergence of digital market-
ing, social media, and marketing analytics (Moorman 2016; 
Verhoef et al. 2016). A crossroads is also underlined in effect 
measurement, big data, and online/offline integration, as 
scholars have pointed to challenging in integrating big and 
small data and marketing analytics into marketing decision 

and operations (Hanssens and Pauwels 2016). Experts pre-
dict even more extensive development of big data, due to 
smart technology devices such as watches, cameras, and 
generally, the Internet of Things (Baesens et  al. 2016). 
Scholars have recommended more research regarding the use 
of customer analytics in many areas of marketing, includ-
ing retailing (Hoppner and Griffith 2015), firm performance 
(Germann et al. 2014), computing technologies, analytical 
methodologies in marketing (Kannan and Li 2017), predic-
tive analytics (Shmueli and Koppius 2011), and big data 
analytics (Wamba et al. 2017). Business researchers empha-
size the importance of interdisciplinary work to address a 
major real-world problem that is beyond the capacity of a 
single discipline. This would involve the application of big 
data and analytics, such as competitive benchmarking (Ket-
ter et al. 2016).

Researchers also note the advantages of big data and 
analytics in better understanding shopping patterns using 
carts with RFIDs, mobile phone apps, or video cameras. 
These technologies are helpful in managing supply chain 
and business processes (Davenport 2006; Venkatesan 2017), 
as well as in the areas of search engine optimization, and 
social media analytics (Kumar et al. 2017). In the context of 
social media, researchers have argued that marketers should 
focus not only on using it as a communication channel with 
consumers but also as a source of marketing insights (Moe 
and Schweidel 2017).
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While big data, marketing analytics, and data mining 
seem to be here to stay in marketing (Jobs et al. 2016), busi-
nesses consider data analysis a particularly critical challenge 
(Verhoef et al. 2016). Marketing analytics play a central 
role under these circumstances, considering the needs for 
adequate metrics and analytical methods to improve data-
driven marketing operations and decision making (Wedel 
and Kannan 2016). As studies have concluded, businesses 
can achieve favorable and sustainable performance outcomes 
through the higher use of marketing analytics (Germann 
et al. 2013).

The purpose of this research is to analyze the current 
state of research in marketing analytics and assess the central 
study themes, topics of interest, findings, as well as methods 
of analysis employed. We also have as objective to evaluate 
the use of marketing analytics in marketing research practice 
and compare the real-world interests with those of academ-
ics in published studies, as well as in university courses. 
This article contributes to the marketing literature with a 
systematic review of studies and findings on marketing ana-
lytics, which allow for further recommendations. We begin 
by describing the historical setting, and then we present the 
results of a comprehensive literature review of marketing 
journals, comparing co-occurrences of words found in aca-
demic research with those inclusive of marketing research 
firms to represent the practitioner point of view, as well as 
to business schools to reflect the current status of education 
and MBA training. We then conclude with recommenda-
tions for academics as researchers and as educators, and for 
practitioners.

Marketing analytics overview

Decades ago, marketing data were usually available at 
an aggregate level, on a yearly or monthly level. In 1923, 
Nielsen created one of the first and most well-known mar-
ket research companies to measure product sales in stores. 
Between the 1930s and 1950s, Nielsen started measuring 
radio and television audiences (Wedel and Kannan 2016). 
Thirty years ago, marketers were getting used to the adop-
tion of the UPCs, scanner data, and bimonthly audit data 
from AC Nielsen (Bijmolt et al. 2010). Also, in the 1980s, 
the INFORMS Society of Marketing Science was created.

In the mid-1990s, the field of traditional analytics 
matured, Internet marketing began to be deployed, and mar-
keters realized the opportunity to measure interactions of 
website visitors through log files. Also, at that time, CRM 
software became available, from companies like Oracle 
and Salesforce (Wedel and Kannan 2016). The first com-
mercial web analytics vendor, I/PRO Corp, was launched in 
1994, WebTrends in 1995, Omniture in 2002, and Google 
Analytics in 2005 (Chaffey and Patron 2012). The 2000s 

represented an opportunity to develop new data and channels 
and to create diverse complementary marketing analytics. 
These advanced with the development of the Internet and the 
dramatic increase in data processing speed and data storage 
capabilities, according to Moore’s law, stating that electronic 
storage capacity per unit volume doubles every 2 years (Rust 
and Huang 2014).

The new analytics have even affected marketing research, 
providing researchers the opportunity of using web-based 
interactive survey tools, online qualitative analysis, mining, 
and analyzing large databases (Hauser 2007). Thanks to the 
digital platform, companies started having access to large 
customer databases, with information on purchase behavior, 
marketing contacts, and other customer characteristics were 
stored. The Internet and social media brought an explosion 
of real-time data, coupled with improved data generation and 
collection, reduction in computing costs, and advances in 
statistics (Verhoef et al. 2016). In current times, businesses 
are using analytics as a significant competitive advantage not 
just because they can, but also because they should (Dav-
enport 2006). Overall, marketers can use analytics in decid-
ing the allocation of marketing resources, customer lifetime 
value, in identifying and retaining profitable customers and 
getting more from each transaction. The following section 
presents the methodology of the systematic review of the 
marketing analytics research, practice, and essential aca-
demic factors.

Marketing analytics systematic review 
method and data

To analyze the state of research on marketing analytics, 
we use a three-phase systematic review approach (Barc-
zak 2017; Littell et al. 2008). In phase 1, we performed a 
search for peer-reviewed articles, including the keywords 
“marketing analytics” in their title and published between 
2007 and 2018 in the following databases: ABI Inform and 
EBSCO Host. ABI provided a list of 31 articles, and EBSCO 
provided 60 articles. After eliminating duplicated articles, 
book reviews, editorials, presentations of special issues, and 
articles that were not strictly related to analytics, 27 articles 
were retained for analysis.

We then focused on searching the keywords “marketing 
analytics” in the full text of top marketing journals, including 
the Journal of the Academy of Marketing Science, Journal 
of Consumer Psychology, Journal of Consumer Research, 
Journal of Marketing, Journal of Marketing Research, Mar-
keting Science, International Journal of Research in Market-
ing, Journal of Retailing, European Journal of Marketing, 
and the Journal of Business Research. From the top mar-
keting journals, we found 35 articles related to the topic of 
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marketing analytics. In total, the sample for analysis consists 
of 62 articles.

The table summarizing the critical characteristics 
of each of the 62 total studies analyzed is presented in 
Appendix Table 5. That summary table shows the 62 arti-
cles scrutinized, and the theories and methods of research 
and data types in the marketing analytics research.

For an overview of marketing analytics in practice 
and in order to analyze the differences and similarities of 
this concept with marketing analytics research, we also 
took into consideration the top 20 market research firms 
(AMA 2017). We extracted the description these compa-
nies use for their marketing analytics offering and services, 
with specific attention to capture the focus of practition-
ers and compare it with the priority issues identified by 
researchers.

The second phase of data collection consists of fur-
thering our understanding of the evolution of marketing 
analytics with regard to pedagogy, specifically the course 
and specialization offering of business schools. For this 
purpose, phase 2 involved performing a search on the 
websites of the top 25 best global universities for eco-
nomics and business, as identified by U.S. News (2018), 
and extracted information regarding their course offerings 
and specializations on marketing analytics, as well as their 
course descriptions.

After the literature review was performed, we employed 
qualitative content analysis and cluster analysis methods to 
identify the central themes present in the articles analyzed. 

In the next section, we draw on the results of the system-
atic literature review and analysis to offer a seeming con-
currence of a definition of marketing analytics, to identify 
the critical themes for marketing research and practice, 
as well as the current level of knowledge about this topic.

Results and interpretation

In this section, we provide details regarding the results of 
the systematic literature review, the content analysis and the 
lexical analysis performed, to offer a seeming concurrence 
of a definition of marketing analytics, to identify the central 
themes of interest for research, practice, and academia, as 
well as to emphasize the key findings of the literature to 
date.

Marketing analytics definition

Deriving from our systematic review, we begin by clarifying 
the definition of marketing analytics. Marketing research-
ers have used different aspects of business analytics in their 
research, thereof the definitions used also vary, as shown 
in Table 1.

At the same time, considering the emergence of big data, 
many marketing studies take into consideration data mining 
and big data analytics, defined as the capture of data and der-
ivation of insights that act as decisional aids, economically 
extract value from very large volumes of a wide variety of 

Table 1  Analytics definitions

Big data analytics (BDA) is the capture of data and derivation of insights that act as decisional aids (Motamarri et al. 2017; Rust and Huang 
2014)

According to Forrester Research, advanced analytics is “any solution that supports the identification of meaningful patterns and correlations 
among variables in complex, structured and unstructured, historical, and potential future data sets to predict future events and assessing the 
attractiveness of various courses of action. Advanced analytics typically incorporate data mining, descriptive modeling, econometrics, forecast-
ing, operations research optimization, predictive modeling, simulations, statistics and text analytics” (Leventhal 2010)

Analytics is “the extensive use of data, statistical and quantitative analysis, explanatory and predictive models, and fact-based management to 
drive decisions and actions” (Davenport and Harris 2007)

Social media analytics is the technology used to monitor, measure, and analyze activity by users of the Web 2.0 (and beyond) to provide infor-
mation for business decisions (Goh and Sun 2015)

According to IDC, BDA is “a new generation of technologies and architectures, designed to economically extract value from very large volumes 
of a wide variety of data, by enabling high-velocity capture, discovery and/or analysis” (Côrte-Real et al. 2017)

According to the Web Analytics Association, web analytics is “the measurement, collection, analysis, and reporting of Internet data for the pur-
poses of understanding and optimizing Web usage” (Chaffey and Patron 2012; Järvinen and Karjaluoto 2015)

Big data consumer analytics is defined as the extraction of hidden insight about consumer behavior from big data and the exploitation of that 
insight through advantageous interpretation (Erevelles et al. 2016)

According to Hitachi Consulting Group (2005), marketing analytics is a “focus on coordinating every marketing touch point to maximize the 
customer experience as customers move from awareness, to interested, to qualified, to making the purchase” (Hauser 2007)

Marketing analytics is a “technology-enabled and model-supported approach to harness customer and market data to enhance marketing decision 
making” (Germann et al. 2013; Lilien 2011, p. 5)

Marketing analytics involves the collection, management, and analysis—descriptive, diagnostic, predictive, and prescriptive—of data to obtain 
insights into marketing performance, maximize the effectiveness of instruments of marketing control, and optimize firms’ return on investment 
(ROI) (Wedel and Kannan 2016)
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data and the measurement, collection, analysis, and report-
ing of Internet data (Chaffey and Patron 2012; Côrte-Real 
et al. 2017; Järvinen and Karjaluoto 2015; Motamarri et al. 
2017; Rust and Huang 2014). In this context, whether defin-
ing big data consumer analytics or social media analytics, 
researchers emphasize the benefits and outcomes of using 
analytics, those of analyzing the activity of consumers, dis-
covering the hidden insight about consumer behavior and 
using the findings in business decisions (Erevelles et al. 
2016; Goh and Sun 2015).

We also employ a conceptual analysis of the definitions of 
marketing analytics. Leximancer uses a relatively new method 
for transforming lexical co-occurrence information from natu-
ral language into semantic patterns in an unsupervised man-
ner. It is a content analysis emulator which replicates the man-
ual coding procedures using algorithms, machine learning, 
and statistical processes (Dann 2010; Smith and Humphreys 
2006). This analysis goes beyond keyword searching by dis-
covering and extracting thesaurus-based concepts from the 
text data, with no requirement for a prior dictionary, generat-
ing a concept map with thematic clusters and related concepts 
(Dann 2010; Smith and Humphreys 2006).

In Fig. 1, the concepts are clustered into higher-level 
“themes” when the map is generated. Ideas that appear 
together often in the same pieces of text attract one another 
strongly, and so tend to be close near one another in the 
map’s space. The themes help with the interpretation by 
grouping the clusters of concepts. The concept map con-
tains the names of the main ideas that occur within the text. 
These are shown as gray labels on the map. The Leximancer 

analysis performed on the definitions of analytics, as shown 
in Fig. 1, highlights the significant relationship between ana-
lytics and marketing campaigns, as well as media. Note that 
metrics play a central role in marketing and business deci-
sion making. Another function noticed for analytics is that 
of mediators between buyers and marketers.

Further continuing with the analysis with marketing 
analytics definitions presented in Table 1, we notice that 
researchers underline their role in data collection, man-
agement, and analysis (descriptive, diagnostic, predictive, 
and prescriptive) to gain insights related to marketing per-
formance, improve marketing control, and optimize ROI 
(Wedel and Kannan 2016). Considering all these aspects of 
analytics, we provide the following definition:

Marketing Analytics is the study of data and modeling 
tools used to address marketing resource and customer-
related business decisions.

Marketing analytics and academic research

In this section, we offer a deeper understanding of several ele-
ments of research in analytics, first characterizing data issues, 
and then measures and metrics. An overview of the articles 
analyzed emphasizes the increase in interest in the topic of 
marketing analytics in the past years, considering that more 
than half of the studies examined have been published in the 
past 2 years. The distribution of studies in the top market-
ing journals exhibits no interest from the part of consumer 
research journals, but it does show a somewhat fairly evenly 
distributed focus on analytics from the other marketing publi-
cations. The number of empirical journals (37) and technical 
(3) is higher than the ones that are conceptual and theoretical 
(21). The studies show the emerging status of the concept and 
journal interest for articles that are focused on providing over-
views of the notion and on developing it from a theoretical 
standpoint. When it comes to the research focus, many articles 
are oriented towards big data and social media, followed by 
a discussion on marketing strategy and marketing channels. 
Regarding the marketing topics of the articles analyzed, many 
of them are related to marketing strategy decisions and predic-
tive analytics and online customer behavior.

The methods of analysis used and the data employed 
emphasize the specific and the benefits of marketing analyt-
ics, including content analysis, grounded theory, economet-
ric modeling and simulation, forecasting, lexical semantic 
analysis (used in this study), SEM, regression, sentiment 
analysis, and text mining. The methods of quantitative and 
qualitative data analysis also accentuate the versatile char-
acter of marketing analytics and their capacity for dealing 
with multiple types of data. A large number of review arti-
cles (14) underline the state of marketing research related to 
marketing analytics, regarding the need of more integrative Fig. 1  Marketing analytics definition analysis
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empirical studies in the primary marketing areas, as well as 
the formulation of comprehensive theoretical models.

We performed an in-depth content analysis of the 62 
articles performed in NVivo. The procedure of identifying 
the central themes in the articles of focus has revealed the 
essential themes and sub-themes of the articles, as presented 
in Table 2. The content analysis identifies the same vital 
themes in marketing analytics, related to data, metrics, and 
online aspects, as well as consumer and customer behavior, 
value, and business performance. Table 2 also reveals the 
sub-themes and some of the concepts discussed in the mar-
keting analytics research.

After coding the main themes and sub-themes in each 
article based on sentences, a cluster analysis was performed 
in NVivo to visualize patterns in by grouping sources that 
are coded similarly by nodes (Alves, Fernandes, and Raposo 
2016; Raich et al. 2014). This analysis extracts the simi-
larities and differences across the articles analyzed, and it 
shows how similar are the research studies from the various 
authors and journals downloaded. The coding at the selected 
sources was compared, and sources that have been coded 
similarly are clustered together in an unsupervised machine 
learning procedure in NVivo, while those that have been 
coded differently are displayed further apart on the cluster 

analysis diagram, based on the Pearson correlation coeffi-
cient (− 1 = least similar, 1 = most similar). The correlation 
coefficients in the main six clusters obtained are included in 
Appendix Table 6, while the six clusters, with their compo-
nents and themes, are reflected in Table 3.

The six clusters identified in the NVivo analysis reflect 
the six most important areas of research in connection to 
marketing analytics, as well as the most significant findings 
presented by the literature in this domain. The first cluster, 
related to marketing strategy and data mining, includes stud-
ies related to social media analytics, models, and mining 
unstructured, large digital datasets. These studies underline 
the benefits of marketing analytics in the social media world 
for understanding consumers’ perceptions of the brand and 
marketing communications (Chandrasekaran et al. 2017; 
Culotta and Cutler 2016; Martens et al. 2016).

The second cluster focuses on marketing research and 
metrics, and it underlines the capacity of a business to use 
marketing analytics and metrics as an efficient way to gain 
market insights, to track and optimize performance and to 
be competitive (Krush et al. 2016; Wilson 2010). Busi-
nesses can make use of different types of metrics, includ-
ing attitudinal, behavioral, and financial. In this context, 
studies have emphasized the importance of adapting the 

Table 2  Main research themes derived from analysis of 62 marketing publications found in “Appendix”

Analytics: advanced analytics, analytical methods, analytical modeling, analytical tool, analytics culture, big data analytics, customer analytics, 
data analytics, marketing analytics, marketing analytics deployment

Brand: advertised brand, brand equity, brand loyalty, brand management, brand managers, brand names, brand sales, branded keywords, cumula-
tive online brand search volume, focal brand, prior media publicity, brand website prominence

Consumer: consumer behavior, consumer response, individual consumers, online consumer activity
Customer: attractive customers, customer acquisition, customer behavior, customer insights, customer needs, customer profitability, customer 

relationship management, customer spending, customer value, individual customer, prospective customers, right customers
Data: aggregate data, available data, big data, big data analytics, data collection, data mining, data quality, data set, data sources, data ware-

houses, large data sets, online search data, search data, social media data, structured data, unstructured data, using data
Effects: advertising effectiveness, direct effects, long-term effects, main effects, marketing effectiveness, moderating effects, permanent effects, 

positive effect, total effects.
Information: information overload, product information, relevant information, subscription information
Marketing: digital marketing, direct marketers, market environment, market response modeling, marketing activities, marketing analytics, mar-

keting budget, marketing campaign, marketing department, marketing efforts, marketing literature, marketing managers, marketing practice, 
marketing research, marketing scholars, marketing scientists

Model: analytical modeling, conceptual model, market response modeling, measurement model, predictive modeling, scoring models, structural 
models

Online: available online, cumulative online brand search volume, online consumer activity, online environment, online products, online pur-
chases, online retailing, online reviews, online search data, online search volume, online shopping

Performance: business performance, firm performance, firm performance, key performance indicators, objective performance measures, organi-
zational performance, predictive performance

Product: customer product return behavior, focal product, online products, product features, product information, product positioning, product 
quality, product use, purchasing products

Research: academic research, first research question, future research, international marketing channels research, marketing research, operations 
research, previous research, recent research, research question

Sales: brand sales, sales data, sales evolution, sales force, sales lead, sales revenue, secondary sales
Value: commercial value, customer lifetime value, customer value, customer value management, firm value, future value metrics, lifetime value, 

monetary value, strategic value, valuable information
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Table 3  Main research clusters Cluster 1 Marketing strategy and data mining

Chandrasekaran et al. (2017) Effects, online, brand, research
Coursaris et al. (2016) Research, product, effects, data
Culotta and Cutler (2016) Data, marketing research
Kumar et al. (2017) Data, marketing, model, effects
Martens et al. (2016) Data, performance, value, research, product
Netzer et al. (2012) Data, marketing, product, consumer, analytics

Cluster 2 Marketing research and metrics

Bijmolt et al. (2010) Marketing, data, value, analytics
Chung et al. (2016) Data, information, product
Fluss (2010) Marketing, customer
Furness (2011) Data, marketing, analytics, value
Hofacker et al. (2016) Marketing, research, value, data, customer
Krush et al. (2016) Marketing, model, effects, value
Kumar et al. (2016) Marketing, customer, product, value, performance
Martin and Murphy (2017) Marketing, data, effects, analytics
Miles (2014) Marketing, performance, model, analytics
Ozimek (2010) Marketing, analytics, effects, model
Persson and Ryals (2014) Marketing, customer, online, sales
Wilson (2010) Customer, marketing, online, product, sales

Cluster 3 Big data in retail and services

Bradlow et al. (2017) Customer, data, product, marketing, analytics
Germann et al. (2014) Customer, value
Huang and Rust (2017) Data, analytics, customer
Järvinen and Karjaluoto (2015) Sales, performance
Jobs et al. (2015) Data, analytics, customer
Lau et al. (2014) Data, online, consumer
Wedel and Kannan (2016) Data, consumer, customer, marketing, model
Xu et al. (2016) Analytics, customer, marketing, product

Cluster 4 Digital analytics and social media

Atwong (2015) Marketing, research, data
Hair Jr. (2007) Data, information, research, consumer, marketing
Ho et al. (2010) Customer, marketing, product, research
Kerr and Kelly (2017) Research, product, online, marketing
Liu et al. (2016) Data, information, research, consumer
Moe and Schweidel (2017) Effects, data, information, consumer, online
Nair et al. (2017) Marketing, research, data, information
Quinn et al. (2016) Marketing, data, analytics, performance, value
Ringel and Skiera (2016) Data, information, research, consumer, online
Trusov et al. (2016) Data, information, research, consumer, online
Vorvoreanu et al. (2013) Marketing, data, effects

Cluster 5 Value-added

Chaffey and Patron (2012) Value, brand, customer, data, marketing, research
Hanssens and Pauwels (2016) Marketing, sales, model
Hanssens et al. (2014) Marketing, brand, effects, performance, customer
Hauser (2007) Customer, model, marketing
Kumar et al. (2016a, b) Customer, brand
Maklan et al. (2015) Customer, marketing, performance
Roberts et al. (2014) Marketing, brand, data, customer, effect
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parameters to the new environment, connecting metrics 
and reconciling multiple perspectives on marketing met-
rics (Ayanso and Lertwachara 2014; Bendle et al. 2015; 
Ozimek 2010; Wilson 2010). Researchers have noted that 
the use of metrics in the study of small-business success 
is essential for researchers and practitioners, considering 
the advantage of predictive analytics and statistics (Miles 
2014; Wilson 2010). The analyzed studies underline that 
marketing analytics can help collect and analyze data 
about customers’ brand preference, shopping frequency, 
and buying patterns (Miles 2014). Our model generated 
based on previous marketing analytics research empha-
sizes their importance for firms and managers regarding 
business performance, providing value, as well as achiev-
ing and measuring results. As noted in the conceptual map 
in Fig. 2, marketing metrics are essential to measuring 
marketing performance in different areas of marketing, 
including sales and advertising.

The third cluster identifies a topic of significant interest 
for contemporary business research, big data, in the con-
text of retail and services, and it underlines the capacity 
of a business to use marketing analytics and metrics as an 
efficient way to gain market insights, to track and optimize 
performance and to be competitive (Huang and Rust 2017; 
Järvinen and Karjaluoto 2015). Some of the studies ana-
lyzed emphasize the benefits of big data analytics in retailing 
(Bradlow et al. 2017; Germann et al. 2014), services (Huang 
and Rust 2017), new product success (Xu et al. 2016), and 
marketing communications (Jobs et al. 2015).

Cluster 4 refers to digital analytics and social media. It 
refers to the benefits of marketing analytics in collecting 
consumer information and providing a user profile that can 
lead to innovations in the way marketers communicate with 
consumers (Kerr and Kelly 2017; Moe and Schweidel 2017; 
Trusov et al. 2016).

The articles in cluster 5 are focused on the value added 
that marketing analytics could bring, in a collaborative con-
text that takes a macro-level approach and considers market-
ing research, practice, and academia (Chaffey and Patron 
2012; Hanssens and Pauwels 2016; Roberts et al. 2014). An 
overview of the articles included in this group emphasizes 
the value of marketing in the world of analytics for each of 
these stakeholders (Hauser 2007).

Finally, cluster 6 includes studies that emphasize, in 
general, aspects focusing on modeling and business perfor-
mance. These articles show the positive implications of mar-
keting analytics for business decision making, strategizing 
and performance, and how organizations can benefit from 
it to increase profitability and shareholder value (Germann 
et al. 2013; Jobs et al. 2016; Petersen et al. 2009).

To summarize the most significant findings from the 
literature review and analysis we performed, Fig. 2 pre-
sents the main points regarding the emergent themes 
derived from the marketing analytics research framework. 
It covers the essential elements present in the definition 
of marketing analytics, including its measurement, data 
collection, and analysis purpose and the close relationship 

Table 3  (continued) Cluster 5 Value-added

Sridhar et al. (2017) Sales, model, online, brand

Cluster 6 Modeling and business performance

Aggarwal et al. (2009) Online, brand, customer, marketing, research
Alcaraz (2014) Analytics
Corrigan et al. (2014) Customer, data, marketing, model.
Côrte-Real et al. (2017) Model, data, effects
Erevelles et al. (2016) Data, marketing, research, consumer
Germann et al. (2013) Performance, analytics
Gunasekaran et al. (2017) Performance, effects, analytics
Hoppner and Griffith (2015) Research, analytics, online
Jobs et al. (2016) Data, value, marketing, performance
LaPointe (2012) Analytics, brand, marketing, online
Leventhal (2010) Data
Lilien (2016) Data, effects, online
Motamarri et al. (2017) Customer, effects, data, online
Pauwels (2015) Effects, brand, data, research, customer
Petersen et al. (2009) Value, research, data, product, marketing, model
Saboo et al. (2016) Online, value, effects, customer, data
Salehan and Kim (2016) Research, data, analytics, online
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with the recent developments in big data and social 
media.

Figure 2 presents the most critical areas of marketing 
that were included in earlier marketing analytics research, 
which can also benefit from additional studies that can 
clarify the use of analytics in domains such as consumer 
behavior, B2B, and innovation. The most used research 
methods are also presented, and they depict a connection 
with the specifics of the data studied, including social 
media and big data, which fare well with methods such 
as data mining, sentiment analysis, and social network 
analysis. These articles provide an overview of the criti-
cal elements of the marketing analytics output, including 
value for consumers and marketers, such as a maximized 
customer experience and a higher ROI.

Marketing analytics in practice

To assess the differences and similarities of the way 
marketing analytics is perceived in marketing research, 
practice, and academia, we performed a content analysis 
in NVIVO, combining the abstracts of the research arti-
cles, the description of marketing analytics services from 
research companies, as well as the course descriptions 
from business schools. Table 4 shows the primary top-
ics connected to marketing analytics and their degree of 
importance for marketing researchers, practitioners, and 
academics.

Customers are in the center of our practice-related part of 
the model in Table 4, which underlines their essential role 
in engaging with businesses and as a target and recipient of 
services (Hanssens and Pauwels 2016). Thanks to modern 
technology, the Internet, and social media, companies can 

Fig. 2  Marketing analytics 
research framework

Table 4  Theme importance Analytics (%) Customer (%) Data (%) Management 
(%)

Marketing (%)

Courses 21.9 5.9 26.7 6.1 39.4
Practice 13.9 23.8 12.5 6.5 43.3
Research 20.2 12.5 20.8 9.3 37.1
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provide personalized services and employ customer rela-
tionship management (CRM) to deliver higher use-value for 
customers (Maklan et al. 2015). The digital environment 
has changed the way marketers communicate and engage 
with consumers, as well as the methods of gaining insights 
in consumers’ behavior, as a result of marketing analytics 
(Huang and Rust 2017; Kerr and Kelly 2017). Customers 
play a central role in the results of our systematic review, 
related to analytics, marketing, social media, and online 
data.

Marketing studies have shown a widespread increase in 
the use of marketing analytics and intelligent agent technol-
ogies, even from companies such as IBM, Amazon, eBay, 
and Netflix, for collaborative filtering, personalization, 
recommendation systems, and price-comparison engines 
(Kumar et al. 2016a, b; Verhoef et al. 2016). Total global 
expenditures in marketing dashboards, analytic software, 
and other marketing software systems reach about $24 bil-
lion annually, and substantial investments have been made 
in big data start-ups in the past years (Jobs et al. 2015; 
Krush et al. 2016). For many practitioners, big data has 
become the norm and a way to maintain competitiveness 
in the marketplace (Chaffey and Patron 2012; Krishen and 
Petrescu 2017; Petrescu and Krishen 2017). Articles have 
underlined that even B2B practitioners see vast potential in 
using B2B customer analytics to solve business problems, 
although they do not yet seem to be benefitting from the 
tools nor the guidance to achieve this (Lilien 2016). Stud-
ies show that businesses employ cloud-based predictive 
analytics providers (such as Lattice and Mintigo) to draw 
on both inside data sources and outside data sources to 
identify new leads (Lilien 2016). In addition, managers 
seem to have difficulties regarding the selection of the right 
metrics, the interpretation of the results and their integra-
tion, which leads to frustration and disappointment, which 
requires more analysis and reflection in research and aca-
demics (Pauwels 2015; Petrescu and Krishen 2017; Ver-
hoef et al. 2016; Wedel and Kannan 2016).

Thus, to better understand the situation of marketing ana-
lytics in practice and to analyze the differences and similari-
ties of this concept with marketing analytics research, we 
looked at the top 20 market research firms (AMA 2017). We 
extracted the description these companies use for their mar-
keting analytics offering and services, with specific attention 
to capture the focus of practitioners and compare it with the 
priority issues identified by researchers.

The focus of marketing research companies with regard 
to marketing analytics is more concentrated on two main 
factors: the business, and its consumers. The significantly 
higher importance awarded to consumers is also evident in 
Table 4. The interest is related to using marketing analyt-
ics to formulate marketing strategies and make decisions 
on pricing and product. At the same time, customer lifetime 

value, a vital ROI aspect, is also featured by marketers. The 
relation between practice and research is mainly based on 
performance and strategies, points that have been identified 
as needing development for marketing analytics. Regard-
ing practice and marketing academia, the model shows the 
prominence awarded to business decisions by both catego-
ries, which will be further discussed in the next section. 
Also, in this context, practitioners are much more oriented 
towards the technical side of marketing analytics and the use 
of specialized software.

Marketing analytics in academia for educators

Research has emphasized different academic developments 
that affect marketing practice, including companies that 
were founded by academics or on academic work (Wedel 
and Kannan 2016). One of the significant contributors to 
the diffusion and evolution of marketing analytics in practice 
and research is represented by the academics, through the 
teaching and mentoring offered by business schools. For this 
purpose, we performed a search on the websites of the top 
25 best global universities for economics and business, as 
identified by U.S. News (2018), and extracted information 
regarding their course offerings and specializations on mar-
keting analytics, as well as their course descriptions. Most 
of the top universities have some course related to market-
ing analytics, many at the graduate level, and some also at 
the undergraduate level. Some colleges also have degrees in 
marketing analytics, such as a Master’s in Marketing Ana-
lytics at the University of Chicago and a B.S. in Market-
ing Analytics at New York University. The University of 
Pennsylvania has developed the Wharton Customer Analyt-
ics Initiative, an academic research center focusing on the 
development and application of customer analytics methods 
and has the Marketing Analytics: Data Tools and Techniques 
course on the free MOOC platform EdX. Other universities, 
such as the University of California at Berkeley and Colum-
bia University also offer free marketing analytics courses, 
besides there are house courses, on EdX. We also wanted to 
evaluate the level of interest in marketing analytics in busi-
ness schools perceived to be less modern and not included 
in the U.S. News ranking. For this purpose, we analyzed ten 
of the business schools recently accredited by the AACSB 
in the past year. Only one of them included mentions of a 
marketing analytics course on its website.

Regarding the conceptual focus in the marketing analytics 
courses, Table 4 shows that data analysis is central, includ-
ing business models, business decisions, marketing metrics, 
and knowledge. While regression appears as the most com-
mon method even in the conceptual map, there are various 
software packages used, including Excel, SPSS, R, as well 
as different tools, such as competitive analysis, quantitative 
strategic planning matrix (QSPM) decision model, Monte 
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Carlo analysis decision model, conjoint analysis, promotion 
analytics, and budgets for traditional and social media. As 
the model and Table 4 underline, the focus is on teaching 
students the basics of data analysis, to make decisions and 
come up with models from the analytics collected.

Recommendations

This systematic review on the state of marketing analytics 
in research, practice, and higher education has provided 
findings regarding the priorities and interests for each of 
the three parties, the differences, and commonalities among 
them, as well as information regarding the central research 
answers on this topic. There are still many questions that 
need to be answered and issues that should be clarified 
regarding marketing analytics, especially considering their 
widespread use and fast-paced development.

Academic research

To date, what the analysis of marketing analytics research 
suggests is that the concepts and terminologies as yet appear 
somewhat fragmented concerning the different areas of mar-
keting and their uses or benefits from marketing analytics. 
For example, recall the varieties even in defining market-
ing analytics (Table 1), and the array of coverage across 
the literature (in "Appendix") of research foci, theoretical 
approaches, and types of data requiring analyses.

Current marketing analytics seem to represent a some-
what higher tendency toward practical and concrete mar-
keting aspects, yet these studies could also benefit from 
the consideration of a more rigorous theoretical base when 
developing a conceptual model. Perhaps this focus on practi-
cal over theoretical is understandable given the influx of big 
data from the real (non-academic) world, hence bringing 
with the accompanying practical questions. We echo a call 
from leading marketing analytics scholars who encourage 
that academics provide theory-based criteria for managers 
concerning marketing metrics use and interpretation (Hans-
sens et al. 2014).

Given the close relationship between academia and 
industry for marketing analytics, perhaps closer than for 
many other topics areas within marketing, academics and 
practitioners might benefit from still closer links to fur-
ther improve research (Martin and Murphy 2017; Petrescu 
and Krishen 2017). Part of the distance to date is likely 
attributable to the natural differential speeds in these two 
worlds, with the fast pace of marketing analytics develop-
ment in practice and the slower rate of marketing academic 
scholarship.

Many data analysis methods have gained popularity due 
to big data and online content, including sentiment analy-
sis, semantic analysis, and social network analysis, some of 
them used in the papers analyzed. The role of these meth-
ods in marketing research needs to be made clear, as well 
as the requirements regarding the rigor criteria for them. In 
addition, it is equally important to use marketing analytics 
concepts, principles, and metrics, even when the data are 
not particularly “big.” That is, marketing analytics offer a 
rigorous way of thinking about relationships, in addition to 
its many useful analytical tools, and most marketing ques-
tions could be better addressed using marketing analytics.

Academia in its role as educator

Academic marketing departments should include market-
ing analytics into their overall curriculum to provide stu-
dents with a compelling career advantage, considering the 
research and especially practitioner (and job market) interest 
in this area. This line of coursework presumably begins with 
a solid statistics class, another in marketing research, and 
then could span out to cover different types of models for 
different kinds of data, at least for MBAs and possibly also 
for advanced undergraduates.

Academic marketing departments should also provide 
their students with real-world opportunities to practice 
marketing analytics, data collection, analysis, interpreta-
tion, and decision making. This can include collaboration 
with local businesses on practical projects, internships, 
and student business incubators. Doing so would help 
students understand our usual cautions in generalizing 
results, dealing with populations (as opposed to samples) 
and biased samples as the basis for understanding custom-
ers, in making decisions and developing theory. Much like 
interpreting qualitative research, the results of non-random 
samples cannot be generalized.

Exposure to one or more big data datasets will help 
students understand that with large samples and popula-
tions, every effect becomes statistically significant despite 
being of no importance whatsoever. There are also many 
proprietary performance measurement models available 
that are subjective and have no theoretical basis.

Finally, one element of education that can be imple-
mented relatively quickly is executive programs. Tra-
ditionally, changes in full-time programs require more 
bureaucracy and vetting, whereas executive programs can 
be developed, advertised, staffed, and run with relatively 
little delay. There is likely a currently unmet demand for 
such retraining and retooling among marketing practition-
ers, who would not have been exposed to such material 
during their MBA or undergraduate days but who can 
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appreciate the need to be facile with the concepts and ana-
lytical tools to be part of today’s marketing dialog.

Managerial practice

The data and requisite technology are valuable, yet it is 
not just about data and technology. Our models showed 
a decided practitioner focus on business decisions and 
prescriptive information, yet we all know the data and 
the technology are useful only to the extent to which they 
are efficiently and rigorously employed to draw insights 
and conclusions from the data. The interpretation and the 
theory behind it are critical.

As the multitude of marketing metrics and methods 
of analysis in the reviewed articles shows, there are no 
universal metrical or analytics or agreed upon standards. 
That diversity is fine and should be encouraged, at least 
until some types of data or models make apparent break-
throughs. Marketing analytics requires a holistic approach, 
a combination of techniques, ideally with different types 
of data, fitting the profile of the company, and interpreted 
in conjunction.

As many market research companies were founded by 
academics (Wedel and Kannan 2016), it is a possibly fruit-
ful endeavor to collaborate with researchers and professors 
on different market analytics topics, especially at universi-
ties where this area is developed.

Conclusions

We presented a systematic review of marketing research 
on the topic of marketing analytics. In a semantic and 
cluster analysis, we identified the central themes and con-
cepts related to marketing analytics in marketing research, 
including big data, marketing metrics, and marketing ana-
lytics value. We also provided an analysis framework for 
elements of marketing analytics as viewed by marketing 
research, practice, and educators.

Drawing from the results of the analysis, we pre-
sented recommendations for researchers, regarding future 

research needs related to marketing analytics. The prin-
cipal focus in this aspect should be theory building and 
development, as well as the formulation of integrative 
models. Regarding practitioners, they could also benefit 
from a more systematic, theoretical-based approach and 
the use of a holistic strategy. Academic educators can 
contribute to the development of both these fields and the 
training of competent managers.

This article contributes to the marketing literature by 
integrating critical marketing analytics studies and pro-
viding an overview of the state of research. Practitioners 
receive recommendations and a summary of the review, for 
a more natural way to apply theoretical findings in prac-
tice. Academics can also use these results in the classroom 
to present and demonstrate the application and benefits of 
marketing analytics.

Appendix

See Tables 5 and 6. To date, what the analysis of market-
ing analytics research suggests is that the concepts and 
terminologies as yet appear somewhat fragmented con-
cerning the different areas of marketing and their uses or 
benefits from marketing analytics. For example, recall the 
varieties even in defining marketing analytics (Table 1), 
and the array of coverage across the literature (in Appen-
dix Table 5) of research foci, theoretical approaches, and 
types of data requiring analyses.

Current marketing analytics seem to represent a some-
what higher tendency towards practical and concrete mar-
keting aspects, yet these studies could also benefit from 
the consideration of a more rigorous theoretical base 
when developing a conceptual model. Perhaps this focus 
on practical over theoretical is understandable given the 
influx of big data from the real (non-academic) world, 
hence bringing with the accompanying practical questions. 
We echo a call from leading marketing analytics scholars 
who encourage that academics provide theory-based cri-
teria for managers concerning marketing metrics use and 
interpretation (Hanssens et al. 2014).
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